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1. Noise and uninformative parts

2. Tokenization

3. Noisy data

4. Part of Speech tagging (POS tagging)
5. Stop-word

6. Stemming
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. the Snowball stemmer library

. Naive Bayes

. Linear Support Vector Classification (Linear SVC)
. multinomial naive Bayes (MNB)

. Multilayer perceptron (MLP)

. Bernoulli Naive Bayes( BernoulliNB)

. Logistic Regression

. Nu - Vector Classification (Nu - SVC)

. Natural Language Toolkit (NLTK)
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1. correlation-based similarity
2. Pearson
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